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Incompressible fluid simulation ------------------------------- » Motivation ---------------------------- » Solving the linear system ----------------- > Neural-preconditioned iterative solver

. . . L This algorithm is similar to Conjugate Gradient method.
e Incompressible Euler equations for constant-density fluids like water.
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Image 0 Input vector b Output vector > Custom convolution Tralnlng and testing
> Custom linear
ﬂ % > Average pooling
g g Upsamping . Dataset: 183 frames drawn from 10 scenes with diverse BCs.
] g LL . Hardware: NVIDIA RTX 6000 GPU with 48 GB memory.
&— Linear combination . Loss function: residual 2-norm ||b — Ax||s.
(3, N, N) NN o T N - Framework: mainly using PyTorch, with custom convolution blocks implemented
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